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Theory and Algorithm of Machine Learning Based on RSOM Tree Model

XIA Sheng- ping, ZHANG Lefeng, YU Hua, ZHANG Jing, HU Wer dong, YU Werrxian
( State Lab of Automatic Target Recognition, Nationd Unwersity o Defense Tedinology , Changsha, Hunan 410073, China)

Abstract:  One useful perspective on machine learning and target recognizing is that they involve effectively and rapidly seardr
ing some very laige sample space to determine one that best fits the observed data and trained samples. If the independent identical
distribution (i.1i.d) popeity of paitern samples of complexity background is not satisfied, statistic theory is of no effect. In this paper,
a method on producing RSOM pattern recogniion tree is proposed, in which the hierarchy model, SOM neural net algorithm and recur
sive technique are utilized.This is a basic model of pattern recognition in machine leaming. The validity of this method is proven by
testing lots of common data sets and practical applicaton in radar target recognition system.
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